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Combinatorial Refinement

E(L) = EaL) + Enu(L)+ Es(L)
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Data terms Smoothness
Appearance term:
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Matching term:
Em(£) = min(||(HzxX — X) — M(X)|2,6) - C(x)

C(x) = confidence/indicator of matching
Smoothness term [4] :
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@ metric regularization
— submodular binary problems

Optimization:
MRF with Fast PD. Parameters («, 3, 6, \, v) are optimized on a subset
using the downhill-simplex algorithm of Nelder and Mead.

Optical Flow on Sintel Dataset
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(a) Evaluation on the final pass of the Sintel (training/test) dataset. The refinement
improves all methods. (b) & (c): Qualitative results for LDOF, DeepFlow and
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